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MATTERED LITTLE. DONORS—ESPECIALLY BILATERAL DONORS—ACTUALLY MADE GREATER TRANSFERS TO
COUNTRIES WITH HIGH DEBT, LARGELY OWED TO MULTILATERAL CREDITORS, WHEN POLICIES WERE
“BAD.” WE CONCLUDE THAT COMPREHENSIVE DEBT RELIEF HAS THE POTENTIAL, THOUGH NOT THE
CERTAINTY, TO RESTORE SELECTIVITY IN SUPPORT OF GOOD POLICIES.. THAT WOULD MAKE DEVELOPMENT
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A large literature has developed in recent years on country factors and other factors that
influence the effectiveness of aid and of the development aid business more generally.
Two major findings have emerged. First, aid is more effective when the recipient
country’s policy and institutional environment satisfies some minimal criteria. Second,
aid and debt relief have not been targeted particularly toward countries with adequate
policies and institutions (Burnside and Dollar 2000)." In this article, we concentrate on
understanding the dynamics behind the second finding. To do so, we analyze the donor
and official creditor side of the aid process. Our specific hypothesis is that the growing
debt of poor countries over the last two decades and the composition of that debt have
affected the granting of new loans and grants by donors and official creditors.

Analyzing the behavior of donors and creditors as it relates to the accumulated
debt burden is important because it can shed light on a critical policy question. Will the
official program of debt reduction for Heavily Indebted Poor Countries (HIPCs) not only
reduce debts but also affect future donor behavior, particularly the ability and willingness
of donors to direct aid to its best uses? Or will more debt reduction simply invite another
round of business-as-usual (new loans and new debt accumulation) implicated in the first
debt buildup?

To address these questions, we investigate donor and creditor behavior using data
on net transfers for 37 Sub-Saharan countries over the 1980s and 1990s. Just as others
have documented, our analysis confirms that the quality of a country’s policy framework
has mattered little in determining overall net transfers. Importantly, we find that the
buildup of debt stocks owed to the multilateral creditors hindered the targeting of
resource flows to countries that had better policies and improved institutional
environments. We find in particular that more-indebted countries received more net
transfers—and that among countries highly indebted to multilaterals, those with policies
below the median in quality received on average some 2 percentage points of GDP more
in net transfers over the period. We also find that donors are selective for country policies
in low debt countries but not so in high multilateral debt countries. These findings are
robust to the use of different estimation techniques and alternative measures for the
quality of policy.

The findings suggest that the buildup of debt, especially to multilaterals, has
undermined the ability of the donors to be selective for country policies—that is, to
transfer less where the policy setting is poor. They imply that debt reduction for high
multilateral debt countries can allow the behavior of the donor community to shift to a
low debt regime mode, a regime that in the past has allowed selectivity. Debt reduction
can be interpreted in short as a way “out” for a donor community otherwise locked into a
pattern of nonselectivity in the high multilateral debt countries.

! The first finding is not without controversy, however, particularly regarding the robustness of the
connection between “good policy” and aid effectiveness (Hansen and Tarp 2001). See Hansen and Tarp
(2000) for a review of the literature, and World Bank (1998) for further information on aid effectiveness.



Section | describes the overall setting for development assistance and documents
the accumulation of debt by Sub-Saharan countries over the 1980s and 1990s to different
classes of creditors. Section Il describes the data used and provides the major trends and
raw statistics. Section Il specifies the hypothesis, describes the empirical analysis, and
discusses the major findings. Section IV concludes.

I. DEVELOPMENT ASSISTANCE AND DEBT ACCUMULATION IN AFRICA, 1980s AND 1990s

Over the last 25 years Sub-Saharan countries have been major recipients of
overseas development assistance. Aid in the form of grants and loans from bilateral and
multilateral donors has amounted to about $350 billion dollars (in nominal terms). In
some countries gross aid flows were 60 percent or more of GDP in some years; in many
countries flows often exceeded the government’s tax revenues. With a few exceptions,
these countries have had low rates of per capita GDP growth. Despite high levels of
lending and grant programs, the growth rate of per capita GDP for the region as a whole
was negative over the last two decades (about —2 percent a year in the 1980s and -1
percent in the 1990s). Average GDP per capita in constant prices was lower in 2000 than
in 1960. And the number and proportion of poor people actually increased: 40 percent of
the 600 million people in Sub-Saharan Africa lived on less than $1 a day in 2000 (World
Bank 2000).

Meanwhile, much of the high level of development assistance took the form of
loans, producing a growing stock of debt—from about $60 billion in 1980 to $230 billion
in 2000. Annual debt service paid also increased, from an average of $6 billion a year in
the early 1980s to about $11 billion in the late 1990s. Growth in debt service was much
less than growth in debt, however, due to debt restructuring and increases in the
concessionality of resources provided. In the 1990s especially, repeated rounds of debt
rescheduling and debt service relief by the official donor community—and an increase in
the proportion of donor transfers as grants—kept debt service from rising more.

While many other countries have had external debt problems, two features of the
debt problem in Africa are notable. First, because of the preponderant role of official
creditors and donors (as opposed to commercial creditors), net transfers have been always
positive and large. Total disbursements in the form of new loans and grants have always
exceeded countries’ actual debt service. Indeed net transfers—the difference between
new disbursements and debt service paid—have been 10 percent or more of GDP for
most countries for the two decades. Second, the proportion of total debt owed to the IMF,
World Bank, and other multilaterals (African Development Bank, European Investment
Bank) has been constantly growing as bilateral donors switched from loans to grants and
increasingly forgave outright portions of debt owed them. Between 1980 and 1998 the
share of multilateral debt in total debt increased from about one-seventh of total debt to



almost one-third, and the share of the multilaterals in total debt service increased from
about one-tenth to one-third.?

These features highlight the important differences between the debt problems of
the African countries today and those of Latin American and other middle-income
countries in the 1980s, extensively analyzed (see Eaton and Fernandez 1995 for a review
of this literature). Most debts of the Latin American countries were then due to
commercial rather than official creditors. Each commercial creditor was individually
interested in maximizing the value of its claim on the country. This desire to extract
payments led to a “tax” on the country, a debt overhang. High levels of debt were leading
to disincentives to adjust economic policies, and new investors were deterred from
committing resources to the country (Diwan and Rodrik 1992). The literature then
stressed the potential beneficial effects of a reduction in the face value of debt for
creditors because it could increase the incentives for a debtor to adjust and enhance a
country’s ability to attract new (type of) investors and fresh funds. Ex-post, the debt
overhang was resolved through debt reduction (the Brady plan) that seems to have had
some of these beneficial effects (Claessens and Diwan 1994).

The situation of the African countries is quite different (Claessens and others
1997). Although the debt stocks were rising, they did not impose any actual debt
servicing burden because countries received large positive net transfers and did not need
to repay their creditors.? But with debt service payments rising, especially to
multilaterals, higher and higher disbursements by donors (the multilaterals themselves or
the bilaterals) were needed to maintain net transfers. The rising debt levels and the
increase in the share of the multilaterals meant that by the mid-1990s the donors and
creditors were caught in a debt trap—not the indebted countries. The donors wanted to
avoid having the indebted countries, among the poorest in the world, fall behind in debt
service to the multilaterals. Arrears to the multilaterals would have meant the curtailment
of future lending by not only the multilaterals but by all other donors because continuing
aid flows required an active multilateral lending program. And from the donors’ point of
view, arrears would make visible the failure of the past aid transfers.

As debt stock considerations started to drive new disbursements, the quality of
policy and degree of poverty in countries became less relevant. The need to maintain high
new disbursements in highly indebted countries may have meant that donors no longer
had enough freedom to differentiate new disbursements by the quality of policy and
degree of poverty. In other words, indebtedness took some of the donor community’s

% Total debt service paid also increased, from about 7 to 15 percent of the value of exports.

3 The fact that net transfers have generally been positive has not been sufficiently taken into
account in the oft-heard arguments that countries are spending more on debt service than on social
programs. Birdsall and Williamson (2002) point out that it may, however, still be true that the local taxes
needed to pay debt service are not really offset by the often-tied aid transfers for specific projects.



ability to be selective for policy and poverty, and aid flows started to respond more to
debt stocks, less to policy and poverty.*

I1. DATA AND GENERAL ANALYSIS OF DONOR BEHAVIOR

To assess creditor and donor behavior, we analyze debt indicators and net
transfers for a sample of countries in Sub-Saharan Africa over 1977-98. We want to
assess donor behavior toward countries in the region independent of whether countries
eventually became HIPC-eligible or not, a classification that occurred around 1998, and
without the classification affecting donor behavior. We therefore use a sample that
includes both HIPC and non-HIPC countries and stop our analysis in 1998, avoiding any
sample selection problem. We include in our analysis the 37 Sub-Saharan countries with
all necessary data. Some countries (including Eritrea, Angola, Somalia, and Tanzania) are
excluded for lack of data in many individual years. Of the 34 African countries eligible
for HIPC treatment (in 2002), 29 are included in our sample of 37 (table 1).°

4 Easterly (1999) develops a model to explain why countries with certain characteristics end up
with high debt. His model has the strong implication that countries pursue bad policies to receive future
debt reduction. The model does not examine the behavior of the creditors to these countries, however, in
relation to the debt composition.

® The HIPC sample includes mainly Sub-Saharan countries. Since the bulk of aid flows has also
gone to Sub-Saharan countries, we focus on the behavior of donors in these countries.



Table 1. Sample Countries

HIPC Debt Initiative Non-HIPC
Benin Botswana
Burkina Faso Gabon
Burundi Lesotho
Cameroon Mauritius
Central African Republic Nigeria
Chad Seychelles
Comoros Swaziland
Congo Zimbabwe
Congo, Dem. Rep

Cote d'lvoire

Ethiopia

The Gambia

Ghana

Guinea

Guinea-Bissau

Kenya

Liberia

Madagascar

Malawi

Mali

Mauritania

Niger

Rwanda

Senegal

Sierra Leone

Sudan

Togo

Uganda

Zambia

29 8
Note: HIPC classification as of fall 2002.

Source: World Bank, various years, Global Development Finance.

Data

The variable of interest for our analysis is the amount of net transfers a country
receives from abroad related to debt or grants—that is, the amount of net movement of
real resources to the country from official sources on account of debt or grants. We thus
exclude from our analysis flows related to foreign direct, portfolio and other nondebt
investments. Net transfers are defined, in accord with the World Bank’s Global
Development Finance (GDF), as the amount of resources the countries receive in the
form of grants and new debt disbursements net of repayments on old debt. In other
words,

(1) NT=G+NB-(P+R)=G+NB-TDS



where NT = net transfers, G = the amount of grants (free gifts) the country receives, NB =
new debt disbursements, P = principal repayment on existing debt, R = interest payment
on existing debt, and 7DS = total debt service paid, the sum of principal repayment P and
interest payments R. We restrict ourselves to resources directed to the government from
mainly official (nonprivate) sources. These sources include the World Bank, the IMF,
and other multilaterals as well as bilateral donors and donor agencies.

All data on debt and net transfers are from the World Bank’s Global Development
Finance statistics. This data set, published annually, relies on debtors’ reports, cross-
verified with creditor sources. It provides the statistics on debt, disbursements and
repayments. In accord with these data, all amounts related to debt are on a cash-basis—
that is, they represent actual payments, not scheduled amounts, so that arrears or debt and
debt service reduction do not confound the data. Global Development does not collect
data on grants itself, but relies on donors’ official development assistance (ODA) and
Organisation for Economic Co-operation and Development—Development Assistance
Committee (OECD-DAC) reports for the grant information.

Grants do not give rise to repayment obligations and are thus not affected by the
difference between obligations due and actual payments, the arrears. The grants data do
include, however, some elements of official debt and debt service reduction because
donors have included debt forgiveness in their reported figures. In particular, the amount
of grants reported by donors includes some debt forgiveness that may not imply any
actual net transfers to the debtor.® The quality of the data on official debt reduction is
known to be very poor, however, and we cannot correct the grants figure to derive a more
accurate actual net resource figure (see Renard and Cassimon 2001).

We limit the impact of outliers by dropping observations for years when net
transfers to a country were more than 60 percent of GNP (we also used a lower threshold
of 30 percent but results were not qualitatively different). Nor do we always have all the
independent variables that we later need in our regressions. This means that some
country-year observations drop out as well. For our 37 countries, we end up with 848
country-year observations.

Indebtedness Categories

We turn now to a systematic analysis of donor and creditor behavior, addressing
some specific questions. Were donors’ net transfers to countries related to recipient
countries’ debt stock? Were donors and creditors providing higher net transfers to
countries with better policies? For a given policy framework, were donors transferring
more to countries with higher levels of poverty? In short, was there selectivity by donors

® This could lead to a negative relationship between net transfers and the stock of debt, since debt
stocks are reduced and while grants are higher, which would bias downward the coefficients on debt stock
in our regression analysis of net transfers. As we find positive coefficients, any misreporting only
strengthens our results.



and creditors as a function of countries’ (changing) policies and degree of poverty? Or
did the mounting debt stock and the resulting debt “crisis” lock donors into defensive
lending to high debt countries, depriving them of selectivity and leverage for recipient
country policies?

We start by dividing our sample of country-year observations into three
subgroups of indebtedness, first distinguishing low and high debt countries, and then
creating within the high debt group a further subdivision into low and high multilateral
debt group (table 2). Specifically, each country-year observation is considered a low (or
high) debt regime if the country’s debt to GDP ratio in that year is below (or above) 62.8
percent (the median debt to GDP ratio of the whole sample). The high debt group is
further subdivided into low and high multilateral debt groups, according to whether the
share of multilateral debt in total debt for that country and year is below or above 41.2
percent (the median share of multilateral debt in total debt for the whole sample). In other
words, the high debt, low multilateral category comprises country-year observations
where the total debt to GDP ratio is greater than 62.8 percent, but the share of multilateral
debt in total debt is less than 41.2 percent, while the high debt, high multilateral category
constitutes those country-year observations in which the total debt to GDP ratio is also
greater than 62.8 percent, but the share of multilateral debt in total debt is greater than
41.2 percent. The high debt, high multilateral category comprises country-year
observations in which the total debt to GDP ratio is also greater than 63.8 percent, but the
share of multilateral debt in total debt is greater than 41.2 percent.

The total sample in this classification varies slightly, between 34 and 37, because
debt data are not available for each year for each country. The size of the subsamples also
varies over time. The number of low debt countries was 32 in 1977, but dropped to only 9
in 1998. For the whole group the number of high debt countries grew sharply, from 2 in
1977 to 27 in 1998. The number of high multilateral debt countries in the high debt group
increased sharply, from 0 in 1977 to 20 in 1998. The number of low multilateral debt
countries in the high debt group grew from 2 in 1977 to 14 in 1987 and then dropped to 7
in 1998.



Table 2. Debt Classification of Countries, 1977-98

Country 1977 1978 1979 1980 1981 1982 1983 1984 1985 1986 1987 1983 1989 1990 1991 1992 1993 1994 1995 1996 1997 1998
Benin L L L L L L L L M L M L M M M4 MA MH MH MH MH MH MH
Botswana L L L L L L L L L L L L L L L L L L L L L L

Burkina Faso L L L L L L L L L L L L L L L L L L L L L L

Burundi L L L L L L L L L L M M4 Md M MH MH MH MH MH MH MH MH
Cameroon L L L L L L L L L L L L L L L L L M M M M M
Central African Republic L L L L L L L L L L L L L L L L L M M M M M
Chad L L L L L L L L L L L L L L L L L ML L M M
Comoros L L L L L M M MH MH MH MH MH MH MH MH MH MH MH MH MH MH MH
Congo, Dem. Rep. L L L L L L L M M M. M. ML ML ML ML ML ML ML ML ML ML ML
Congo, Rep. L ML ML ML ML ML ML OMLOMLOMLOMLOMLOMLOML ML OMLOML OMLOML ML ML ML
Céte d'lvoire L L L M. ML ML ML ML ML ML ML ML ML ML ML ML ML ML ML ML ML ML
Ethiopia . . L L L M. ML ML ML ML ML ML ML ML ML ML ML ML ML ML
Gabon L L L L L L L L L L M. M M L M M ML ML ML ML ML ML
Gambia, The L L L M M4 MHA MH MH MH MH MH MH MH MH MH MH MH MH MH MH MH
Ghana L L L L L L L L L L M L L L L M{ M M MH MH MH MH
Guinea . . . . . . . ML ML ML ML ML ML ML MH MH MH MH MH MH
Guinea-Bissau L L L . M M MH M . M . . . MH MH MH MH MH MH MH MH MH
Kenya L L L L L L L L M{ L M M4 MHA MH MH MH MH MH MH MH L L

Lesotho L L L L L L L L L L L L L L L L L L L L L M
Liberia L L L L M M MH MH MH MH MH . . . . . . . . . . .

Madagascar L L L L L L L M M M M M M M. MH MH MH MH MH MH MH MH
Malawi L L L L M4 M M MH MH MH MH MH MH MH MH MH MH MH MH MH MH MH
Mali L L L L L M M. M. ML ML ML ML ML ML MH ML ML MH MH MH MH MH
Meuritania ML ML ML ML ML ML ML ML ML ML ML ML ML ML ML ML ML MH MH MH MH MH
Mauritius L L L L L L L L L L L L L L L L L L L L L L

Niger L L L L L L L M M M M. M4 MH MH L L MH MH MH MH MH MH
Nigeria L L L L L L L L L M M M M M M M ML ML ML ML L L

Rwanda L L L L L L L L L L L L L L L L L . MM L L

Senegal L L L L L M M. M M. ML M. MA MH L L L MH MH MH MH MH MH
Seychelles L L L L L L L L L L L L L L L L L L L L L L

Sierra Leone L L L L L L L L L M M L L M M M M M MH MH MH MH
Sudan L L L L L M M M M L L M M M M M ML M. ML ML ML ML
Swaziland L L L L L L L L L L L L L L L L L L L L L L

Togo L M M. M. ML ML ML ML MH MH MH MH MH MH MH MH MH MH MH MH MH MH
Uganda . . L M L L L L L L L L L M M M M L L L L

Zambia ML ML ML ML ML ML ML ML ML ML MH ML MH MH MH MH MH MH MH MH MH MH
Zimbabwe L L L L L L L L L L L L L L L L L L M L L M
Number of low debt 32 30 30 29 26 23 23 19 17 18 13 15 14 15 14 13 11 7 8 9 11 9
Number of low multilateral debt 2 4 4 5 7 9 8 13 12 13 14 12 12 11 10 11 9 8 8 8 7 7
Number of high multilateral debt 0O 0 0 0o 3 4 5 4 6 6 9 8 9 10 12 12 16 20 20 19 18 20
Total 34 34 34 34 36 36 36 36 3H 37 b 3H 3H 36 36 36 36 3H 36 36 36 36

Note: The three debt classification are constructed as follows: L, the low debt regime characterizes years where a country’s debt to GDP ratio is below 62.8 percent; ML, the high debt, low
multilateral category regime characterizes years where a country's total debt to GDP ratio is greater than 62.8 percent and the share of multilateral debt in total debt is less than 41.2 percent; and
MH, the high debt, high multilateral regime characterizes years when a country’s total debt to GDP ratio is greater than 62.8 percent and the share of multilateral debt in total debt is greater than

41.2 percent.

Source: Authors' classification based on World Bank, various years, Global Development Finance .

We next use this classification to compare the behavior of net transfers across the
three debt regimes. We start by plotting the average ratio of net transfers to GDP for the
three debtor classes (figure 1). Net transfers as a share of GDP have been greater in
almost all years for the countries in the two high debt categories, especially for those in
the high multilateral debt category. Net transfers have declined over time for the
countries in all regimes, somewhat more in the high multilateral debt regime and
especially so in the low multilateral debt regime.

10




Figure 1. Average Ratio of Net Transfers to GDP by Creditor
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Table 3 shows the means (and standard deviations) for the net transfers variable
for all countries and for the three debt regimes, averaging over all years. Consistent with
figure 1, net transfers have been systematically higher for the high debt countries,
especially the high multilateral cases. For the whole period high multilateral debt
countries received net transfers equal to some 18 percent of GDP, compared with some
10 percent of GDP for the low debt group. The low multilateral debt cases (a subdivision
of the high debt regime) received some 15 percent of GDP.

Table 3. Means and Standard Deviations for Sample Countries, 1997-98 Average

Al

Low debt

High debt

Low multilateral debt

High multilateral debt

\Variable Mean Standard deviation Mean Standard deviation Mean Standard deviation Mean  Standard deviation
Net transfers / GDP 0.135 0.119 0.104 0.087 0.146 0.151 0.183 0.117

CPIA 2.763 0.813 2.963 0.831 2.488 0.698 2.895 0.670
PVTDSGDP 0.547 0.339 0.323 0.160 0.837 0.308 0.651 0.306
GDPCAP 753 1,082 981 1,314 635 919 321 128

POP 10,824,872 16,612,134 8,527,659 14,559,811 16,741,602 23,105,792 7,601,202 7,240,667
Number of observations 848 394 239 215

Note: The net transfers variable is in US dollars and is scaled by US dollar GDP. CPIA is the policy measure from the World Bank. PVTDSGDP is the present
value measure of all future scheduled debt service payments relative to GDP. GDPCAPIj is GDP per capita, measured in thousands of dollars. POP is population

size, in logarithms. See note to table 2 for debt classifications.

Source: Authors' computations based on World Bank, various years, Global Development Finance, for debt data; IMF, various years, International Financial
Statistics, for GDP per capita; and World Bank, various years, World Development Indicators, for population.
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I1l. CREDITOR AND DONOR SELECTIVITY: EMPIRICAL ANALYSIS

The aggregate statistics indicate that countries that found themselves with higher
debts, especially to multilateral institutions, received larger net transfers than other
countries. Higher net transfers to more-indebted countries need not mean, however, that
there was some kind of inefficiency. For one, some unobserved country characteristics,
such as a high level of poverty or good policies, may have led donors to provide high net
transfers. These high net transfers in the past may have been in the form of high lending
in the past, resulting in a high debt stock. So countries highly indebted today may have
been receiving more net transfers in both the past and present because they have a higher
degree of poverty or better policies. We would call the higher transfers inefficient,
however, if they were going to highly indebted countries independent of the quality of
their domestic policy, their institutional capacity to productively absorb flows, and their
poverty level. In that case, the high indebtedness, particularly to multilateral creditors,
could be a barrier to selectivity in lending across countries.

Policy Variables

We therefore need to control for country characteristics in our net transfers
comparisons. For policy, we use an explicit measure of the quality of the policy
environment in each country in each year: the World Bank’s Country Policy and
Institutional Assessment (CPIA). This measure, calculated annually by World Bank
country specialists, has 20 components measuring macroeconomic, sectoral, social, and
public sector institutions and policies on a scale of 1 to 6. It is determined on the basis of
criteria standardized across countries. A separate World Bank unit makes a considerable
effort to ensure consistency and comparability across countries and over time.’

The CPIA has been used by other researchers in investigating the determinants of
aid flows, most notably Burnside and Dollar (2000) and Collier and Dollar (2002). It is
considered a meaningful measure of the quality of the policy framework in a country in
each year. The CPIA also has the advantage of including not only criteria related to
public policy effort but also those related to institutional capacity and governance (rule of
law, anti-corruption efforts). It may thus be more closely related to a country’s capacity
to absorb transfers effectively than traditional measures of policy effort (such as trade and
financial liberalization, privatization, and inflation).8

" The ratings have an element of judgment that may be affected by specialists’ separate knowledge
of a country’s actual or likely overall prospects. This makes the ratings potentially endogenous to, for
example, growth, though probably less to net transfers in a particular year.

8 In the absence of any good argument for alternative weighting of the components, we use the
average. Collier and Dollar (2002) show that their results regarding aid allocation and poverty are not
sensitive to reweighting the components.
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A disadvantage of the CPIA index is that it may be influenced by incentives to
affect (indirectly) the lending behavior of the World Bank. Specifically, country
managers may want (and be able) to improve their countries’ ratings to justify a larger
lending program for their country. To the extent this is true, however, the link between
policy as measured by the CPIA and lending will be overstated, and any result showing
that policy is not a factor will thus be a stronger result. An additional disadvantage is that
the actual CPIA is available only to the public at the country level in more aggregated
form, so that our results can be replicated only inside the World Bank.

We therefore use as a robustness test the policy index created by Burnside and
Dollar (2000), based on publicly available information. Specifically, the index weights
the following three variables: budget surplus as a share of GDP, the rate of inflation, and
the degree of openness of the economy, as measured by Sachs and Warner (1995).° This
alternative policy index is a somewhat cruder measure of the quality of policy and
institutional environment and we can expect results to be less strong. Nor can the policy
index be created for all countries and all years because some of the component variables
are not always available. Because of missing data the sample of country-year
observations for the policy index is much smaller, 484 compared with 848 for the CPIA
sample.

To investigate the relationship between net transfers and policy by different
categories of indebtedness, we first use the CPIA index to classify countries into two
groups, those with a CPIA of less than 3, so-called “bad” policy countries, and those with
a CPIA equal to or greater than 3, so-called “good” policy countries. We do this for the
whole group as well as separately for the three debt categories. The split for the whole
group is 46 percent/54 percent—that is, about half of the country-year observations are
bad policy country-years and half are good policy country-years. We then calculate the
mean net transfers as a share of GDP for each subclassification. We find that there are
some statistically significant differences in net transfers between bad and good policy
countries (table 4, panel A).

For all countries combined, bad policy countries receive on average some 1.5
percentage points of GDP more in net transfers than good policy countries do. This
difference is also statistically significant.

There are no statistically significant differences in net transfers between bad and
good policy countries for the groups of low debt and low multilateral debt countries. The
difference in net transfers for the overall sample seems to be caused by the behavior of
net transfers to the high multilateral debt countries, where there is a difference between
bad and good policy countries of 4.1 percentage points of GDP. This difference is
statistically significant, with a t-statistic of 2.6. In other words, countries highly indebted
to multilaterals received more net transfers when their policies were worse than average.

% The equation developed by Burnside and Dollar (2000) is: Policy = 1.28 + 6.85* Budget
Surplus — 1.40* Inflation + 2.16 * Openness.
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When we use the sample for the alternative policy index, we find similar effects

for the debt breakdowns, but different effects for the further breakdown by the policy
index (table 4, panel B). The comparisons in net transfers between the debt groups are
qualitatively similar to the overall comparisons: the low debt group receives net transfers
equal to 8.4 percentage points of GDP and the low multilateral debt group 9 percentage
points, while the high multilateral debt group receives 15.7 percentage points, a

difference of 7 percentage points over the low debt group.

The breakdown between good and bad policy countries does not indicate the same

results. For the high multilateral debt group, bad policy countries actually receive some
2.5 percentage points less in net transfers. For none of the debt classifications, however,
is there a statistically significant difference between the bad and good policy countries,
possibly because the sample is smaller and the index cruder, or because we have not yet
controlled for other variables.
Table 4. T-test on Net Transfers/GDP

Panel A Based on CPIA
Low High
Difference | multilateral multilateral Difference
CPIA All Difference t-test| Low debt t-test debt t-test debt t-test
All 0.135 0.103 0.146 0.183
Good 0.127 0.015 0.103 0.001 0.145 0.001 0.163 0.041
Bad 0.142 1.810 0.103 -0.110 0.147 -0.220 0.204 2.610
Panel B Based on Alternate Policy Variable
Difference Difference Low Difference High Difference
Policy All Low debt multilateral multilateral
t-test t-test debt t-test debt t-test
All 0.103 0.084 0.090 0.157
Good 0.103 0.000 0.080 0.008 0.079 0.016 0.168 -0.025
Bad 0.103 -0.051 0.088 0.868 0.095 0.803 0.143 -1.384

Note: The t-test measures the statistical significance of the difference in net transfers between the good and bad policy countries.
The net transfers variable is in US dollars and is scaled by US dollar GDP. CPIA is the policy measure from the World Bank. See
note to table 2 for debt classification.

Source: Authors' computations based on World Bank, various years, Global Development Finance.

Other Country Characteristics

So far, the analysis has investigated only the simple interrelationships between the
quality of policy, indebtedness, and net transfers. The raw statistics suggest that the
degree and nature of indebtedness affect the relationship between policy and net transfers
under the CPIA, although not under the alternative index. But the data remain suggestive
because they do not yet control for other country characteristics and they vary by policy
index and sample. The data in table 3 already indicate that it can be important to control
for other country characteristics because there are large differences in GDP per capita and
population size between the three groups of indebtedness countries. To properly assess
the relationship between net transfers and the quality of policy, we therefore extend our
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analysis by performing a multivariate regression, controlling for several country
characteristics.

The first control variable is the degree of indebtedness. Since the stock of debt is
simply a transformation of accumulated past borrowing, it could be that high debt reflects
country circumstances or policies can explain large net transfers in the past. These
characteristics could include former colonial ties (Alesina and Dollar 2000), strategic
interests of donors, openness of the economy, policy stance, or other country factors.
These country characteristics may lead countries that received high net transfers in the
past, and thus have high debt stocks, to continue to receive net transfers today. Including
past indebtedness will control for some of this tendency.

Second we want to control for the degree of poverty in the country because
donors may provide net transfers in relation to a country’s degree of poverty irrespective
of policy indebtedness and other country factors. Controlling for the incidence of poverty
is difficult, however, because poverty data are not available for long time periods. We
have only a small, cross-country sample of poverty data for the 1990s. We therefore use
instead GDP per capita (in dollars) as a proxy for the incidence of poverty (as well as the
overall level of development of the country). The high multilateral debt countries are
much poorer on average than the low debt countries, $320 per capita versus $980 per
capita (see table 3). Perhaps they receive more net transfers simply because they are poor,
and the relationship between net transfers and indebtedness arises because of greater
poverty levels in high debt countries.

Third we want to control for the size of economy since there is a tendency for
smaller countries to receive relatively more aid, as reported among others by Burnside
and Dollar (2000). (This relationship may arise because small countries tend to be more
open and thus more exposed to international shocks, because donors expect greater
influence on policy in smaller countries, or for other reasons.) In our specification, we
use the logarithm of population as a control variable for size.

To control for any other country differences and possible endogeneity in the
relationships, we use a fixed effects estimation technique. Fixed effects allow us to
control for any unobserved country characteristics and to take care of any (remaining)
endogeneity issues. We also employ ordinary least squares as a test of robustness. We
estimate the following model:

(2) NT; = a + B, *PVIDSGDP;; + B,*GDPCAP; + Bs*LNPOP;; +B,*CPIA; + Ps*(Debt
classification interacted with policy dummies; ; ; for country i and year j).

The net transfers variable for country i in year j, NTj;, is scaled to GDP.
PVTDSGDPj; is the present value measure of all future scheduled debt service payments
relative to GDP, which thus takes into account the concessionality of debt. This measure
is preferred to such measures as the total debt stock to GDP, which ignores the
concessionality of debt, or the ratio of annual debt service to GDP, which does not
provide a measure of the full future debt burden. PVTDSGDP is taken from the Global
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Development Finance database. GDP per capita in thousands of dollars, GDPCAP, is
used as a proxy for the overall level of development of the country and the incidence of
poverty. Data on GDP per capita are from the IMF International Financial Statistics.
Population size in logarithms, LNPOP, is to control for the size of the country and comes
from the World Bank. CPIA is our policy measure variable already introduced (which we
also substitute by the alternative policy index). The three debt dummy variables
interacted with good and bad policy dummy variables are constructed consistent with
tables 2 and 4: for all three debt groups (low debt; high debt, low multilateral; and high
debt, high multilateral) we created a separate bad policy dummy variable if the CPIA for
that country-year observation was less than three (or if the alternative policy index was
less than its median).

Regression Results

The regression results show that net transfers are positively related to debt stocks,
consistent with figure 1 and the raw statistics of average net transfers by country
indebtedness classification of table 3 (table 5). This relationship may reflect the defensive
lending of donors, with high debt stocks triggering more net transfers to prevent arrears.
But to prevent arrears it would be necessary only to “roll over” debt service due by
providing an equal amount of new disbursements—that is, keep net transfers at zero. It
would not be necessary to provide additional net transfers as debt burdens become larger.

The positive coefficient is also possible because some country characteristics not
included in the regression may be correlated with past and current net transfers. But the
fixed effects regression technique should control for most of these characteristics. The
positive relationship is not likely to be due to the fact that the net transfers figures we use
are not corrected for any official debt reduction included by donors in the grant figures
they report to the OECD, for that would lead to a downward bias.'® Our preferred
interpretation for the positive coefficient is that when debt stocks are large, countries
manage to “bargain” for larger net transfers, perhaps because donors are more eager to
prevent arrears or defaults that would increase the visibility of any failures in past lending
programs.

10 Correcting the net transfers for debt reduction is difficult. Renard and Cassimon (2001) write,
“We have no strong basis to suggest a percentage by which the DAC figures must be reduced to give a
correct expression of the costs of debt reduction to the donors.” Still, as also noted by Renard and
Cassimon, the inclusion of official debt reduction in aid would bias upward the net transfers countries
actually received. At the same time, the total debt reduction figure is reported in Global Development
Finance and the debt stock is reduced by the official debt reduction. This would upward bias net transfers
and downward bias PVTDSGDP, which would mean that the coefficient on PVTDSGDP would be biased
downward, weakening the relationship. Besides biasing the coefficient on the debt stocks, there could be
some other bias in our regression results as well. We therefore investigated whether the estimated
relationship between net transfers and policy is affected in a systematic way by degree of debt reduction.
Regression results (not reported) show that all estimated coefficients are robust to the inclusion of the
Global Development Finance—reported debt reduction figures as another independent variable.
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We also find that countries tend to receive larger net transfers when they are
poor—the coefficient on GDP per capita is statistically significant and negative.'! There
is also evidence of a small-country effect—the coefficient for population (in logs) is
statistically significant and negative.

Table 5. Basic Result for Net Transfers Regression

Alternative policy
CPIA variable
Variable Fixed effect Ordinary least squares Fixed effect

PVTDSGDP 0.097 (8.26) 0.101 (9.47) 0.107 (6.23)
GDPCAP -0.022 (-4.10) -0.058 (-17.26) -0.011 (-1.75)
INPOP -0.114 (-7.97) -0.041 (-17.12) -0.091 (-4.95)
CPIA or policy 0.003 (0.63) 0.004 (0.60) 0.000 (0.04)
BPL 0.000 (0.00) 0.012 (1.13) -0.004 (-0.56)
BPLM 0.009 (1.01) -0.001 (-0.09) -0.008 (-0.76)
BPHM 0.026 (2.86) 0.030 (2.54) 0.017 (1.77)
Constant 1.834 (8.42) 0.735 (16.33) 1.480 (5.21)
Number of observations 848 848 484
F-value 22.53 89.44 11.52
R-squared (adjusted) 0.422
Within 0.17 0.155
Between 0.28 0.156
Overall 0.17 0.046

Note: Numbers in parentheses are t-statistics. The net transfer variable is in US dollars and is scaled by US dollar GDP.
PVTDSGDRP is the present value measure of all future scheduled debt service payments relative to GDP. GDPCAP is GDP per
capita, measured in thousands of dollars. The coefficients for GDPCAP are multiplied by 1,000. LNPOP is population size, in
logarithms. CPIA is the policy measure from the World Bank. Policy is the alternative policy variable. See note to table 2 for debt
classifications.

Source: Authors' computations based on World Bank, various years, Global Development Finance, for debt data; IMF, various
years, International Financial Statistics, for GDP per capita; and World Bank, various years, World Development Indicators, for
population.

Surprisingly, we find no direct effects of the policy variable on net transfers—the
coefficient for the CPIA is statistically insignificant.'? It seems as if the quality of a
country’s policy does not affect the relative amount of net transfers it receives. When we
analyze the effects of bad policy for the three debt groups, however, we find that the high

e multiply the coefficients on GDPCAP by 1,000 for presentational purposes. As noted,
poverty data are not available for long time periods, but we do have a small, cross-country sample of
poverty data. When substituting poverty for GDPCAP for that sample, we find that countries with relatively
greater poverty counts have larger net transfers.

12 \while this appears to contradict other findings, this insignificance of the policy variable mainly
results from the fact that we do not use the nonlinear specification others have used. Collier and Dollar
(2002) show that transfers (to all recipient countries) are nonmonotonic with respect to the CPIA; they rise
for low and moderate levels of CPIA and then decline as CPIA improves. When we also allow for this
nonlinearity, we find that about half of the countries lie on the upward sloping and another half on the
downward sloping part of the curve. This means one cannot make a general statement on the effects of
policy on net transfers.
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multilateral debt countries with bad policy receive about 2.5 percentage points more in
net transfers as a share of GDP. For the other two groups, the coefficient for the bad
policy dummy variables is not statistically significant. The 2.5 percentage points more in
net transfers is less than the 4 percentage points reported earlier (table 4). Since the
earlier comparisons did not control for country characteristics, some of the control
variables partly may explain the higher net transfers.

The large remaining difference, equal to about one-fifth of the average net
transfers all countries received over this period, nevertheless implies that in the high
multilateral debt countries, bad policy is associated with more, not fewer net transfers.
This result confirms our hypothesis that for countries highly indebted to the multilaterals,
donors have not been able to practice selectivity for the policies countries have adopted
(or for their institutional capability). Indeed, they have provided more, not fewer
resources where policies have been worse. Our interpretation: because of the large
multilateral debts, donors have allowed poor policy to continue in these countries and
actually provided more resources to accommodate the larger macro-imbalances, which in
turn caused the higher debt stocks.

Robustness Tests

We confirm this result using a number of robustness tests. We start by reporting
the ordinary least squares (OLS) regression results (table 5). The regression results have
the same signs, but somewhat different statistical significance for the various control
variables. The OLS results are generally stronger for the country control variables—no
surprise, since the fixed effects results control more for country differences. Again, the
present value of debt to GDP has a positive statistically significant coefficient, and the
level of GDP per capita and the population size (in logs) has a statistically significant
negative coefficient. The policy variable, CPIA, again is not statistically significant,
suggesting that the fixed effects estimator does not hide permanent characteristics related
to the quality of county policy. The bad policy dummy variable again remains statistically
significant, only for the high multilateral debt group, and implying a 3 percent point
difference in net transfers. Our finding is thus robust to the estimation technique used.

We next investigate whether using the alternative policy index changes our
results. We do so again using the fixed effects regression techniques (see table 5). We
find weaker statistical significance, possibly because the sample is reduced by half, from
884 country-year observations to 484. The coefficient on the dummy variable for the
countries highly indebted to multilaterals with bad policy now indicates that these
countries receive some 1.7 percentage points more in net transfers, still statistically
significant at the 10 percent level. All other policy dummy variables and the policy
variable itself are not significant while the control variables retain their sign and
significance. This result suggests that the use of a cruder policy index does not
qualitatively change our main result.

As another robustness test, we investigate whether the relationship between debt
and net transfers may have been affected by the occurrence of shocks and the role of
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arrears. Many countries in the sample have faced large terms of trade shocks, frequently
cited as one of the reasons for the poor economic performance, the need for continuing
aid flows, and the poor policy records. If GDP were to decline systematically because of
these shocks, this would not be a problem in our regressions.

But there could be a bias in our regression results if there is a relationship
between shocks and the debt buildup. The argument would be as follows: Say that a
country faces a surprise drop in GDP and cannot pay its debt service due. The debt to
GDP ratio will rise because of the drop in GDP and the rise in debt (as arrears are
capitalized into the debt stock). The net transfers to GDP ratio will also be high because
GDP is low and net transfers are possibly high due to arrears that reduce debt service paid
and increases in new disbursements by creditors and donors to mitigate the impact of the
shock. Since there have been quite big shocks to GDP for many of the countries in our
sample, this pattern of net transfers to GDP being higher for countries and years when
debt to GDP is also high could bias our coefficients.

There could also be a bias through the policy response, at least as measured. If
countries adjust poorly to shocks and end up with larger fiscal deficits and higher
inflation, policy (as measured) could be worse when net transfers are higher. This is
possible particularly for the alternative policy index, which relies heavily on the budget
surplus and inflation for its construction. Furthermore, donors may be more willing to
accommodate poor policies when countries face adverse shocks, creating a similar bias.

To check for this possibility, we estimated a trend measure of annual GDP by
running for each country a simple regression of actual GDP on a time trend.'® We then
replaced actual GDP in the various ratios (NT to GDP, PVTDS to GDP, and GDP per
capita) by trend GDP as predicted by this regression. This way, the ratios are not affected
by any short-run shocks to GDP. To investigate whether net transfers respond to short-
run shocks to GDP, possibly confounding the results on the policy and other variables,
we also included the deviation of GDP from trend as an additional independent variable
in the regression. Column 1 of table 6 reports the results, using again the fixed effects
regression technique.

13 \We like to thank the editor for suggesting this methodology.
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Table 6. Regression Net Transfers on Fitted GDP and of Gross Flows on Actual GL

Net transfers Gross flows

Variable Fixed effect Fixed effect Ordinary least squares
PVTDSGDP 0.134 (14.68) 0.196 (16.41) 0.187 (19.31)
GDPCAP -0.039 (-6.55) -0.015 (-2.71) -0.052 (-17.01)
INPOP -0.135 (-9.67) -0.123 (-8.4) -0.037 (-17.11)
Residual 0.000 (1.26) NA NA NA NA
CPIA 0.009 (1.86) 0.006 (1.23) 0.010 (1.75)
BPL 0.003 (0.36) 0.003 (0.38) 0.012 (1.22)
BPLM 0.012 (1.43) -0.003 (-0.34) -0.016 (-1.5)
BPHM 0.021 (2.33) 0.015 (1.59) 0.015 (1.38)
Constant 2.125 (9.98) 1.939 (8.76) 0.655 (16.11)
Number of observations 848 848 848
F-value 51.55 50.22 141.96
R-squared (adjusted) 0.538
Within 0.342 0.307
Between 0.341 0.337
Overall 0.238 0.224

Notes: Numbers in parentheses are t-statistics. The net transfers variable is in US dollars and is
scaled by US dollar GDP. GF, gross flows, is new disbursements and grant in US dollars and is scaled
by US dollar GDP. PVTDSGDRP is the present value measure of all future scheduled debt service
payments relative to GDP. GDPCAP is GDP per capita, measured in thousands of dollars. The
coefficients for GDPCAP are multiplied by 1,000. LNPOP is population size, in logarithms. CPIA is the
policy measure from the World Bank. See note to table 2 for debt classifications.

Source: Authors' computations based on World Bank, various years, Global Development Finance, for
debt data; IMF, various years, International Financial Statistics, for GDP per capita; and World Bank,
various years, World Development Indicators, for population.

We find that using the permanent level of GDP in the ratios and adding the
departure from trend in each year does not change our main result. The coefficient on the
bad policy dummy variable for the countries highly indebted to multilaterals indicates
that these countries receive some 2.1 percentage points more in net transfers, statistically
significant at the 5 percent level. The coefficients on the control variables PVTDSGDP,
GDPCAP, and LNPOP do not change much in magnitude and actually become somewhat
more significant. Interestingly, the deviation from trend GDP, while positive, is not
statistically significant. This suggests that net transfers are not being adjusted much in
response to short-run shocks to GDP. And even if they are, this pattern does not affect the
overall relationship that we stress—high indebtedness and poor policy lead to larger net
transfers. In other words, donors do not necessarily adjust net transfers in response to
shocks, but they are more willing to accommodate poor policy when multilateral debts
are large. In that sense, our conclusions are reinforced.

We further confirm the importance of debt stocks in determining donor behavior
by investigating the behavior of gross flows, instead of net transfers. We can rewrite the
left-hand side variable of equation 1 as N7 = G + NB — DS, with net transfers being new
grants plus debt disbursements minus debt service. Taking into account that debt service

20



is necessarily strongly related to the outstanding stock of debt, it is likely that gross
flows, NB + G, are much more sensitive to debt stocks than net transfers are. To check for
the role of debt stocks in gross flows, we replace in the base regression the dependent
variable net transfers by the variable gross flows, also scaled by GDP, and rerun the
regression. Columns 2 and 3 of table 6 report these results, using fixed effects and OLS
regression techniques.

As expected, debt stocks, PVTDSGDP, are a very important determinant of gross
flows, with a coefficient on debt stocks of 0.2, compared with 0.1 in the base regression
for net transfers. This confirms that creditors and donors provide gross flows in response
to debt service due—that is, they roll over gross claims, which itself is closely related to
debt stocks. But there is an additional effect related to debt classification and policy that
adds to this tendency to provide gross flows. While the coefficient on the bad policy
dummy is less significant, it still indicates that gross flows are 1.5 percentage points
higher to countries with poor policies highly indebted to multilaterals. Again, the results
suggest that donors respond perversely to debt stocks, disbursing regardless of policy and
other country circumstances, and providing more to countries with poor policies highly
indebted to multilaterals.

Finally, we show the perverse relationships between net transfers and policy in
the countries highly indebted to multilaterals by plotting the simple, univariate scatter of
net transfers and the CPIA for each of the three indebtedness groups (figure 2; the results
of simple univariate regressions are also reported). As can be seen, only for the countries
highly indebted to multilaterals is there a negative relationship between net transfers and
the CPIA. For the other indebtedness groups, the relationship is nonexistent.

Figure 2 Net Transfers and Policy by Debtor Classification
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Low multilateral debt
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Note: See note to table 2 for debt classification.
Source: Authors' computations based on World Bank, various years, Global Development
Finance.

We also address the question whether some donors and creditors are more
sensitive to debt stocks and more selective for policy than others are. We do so by
distinguishing among net transfers of five classes of donors or creditors:

e The International Development Association (IDA) (concessional) and

International Bank for Reconstruction and Development (IBRD) windows of the

World Bank.

e The IMF.
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e All multilaterals combined (IDA, IBRD, and IMF, as well as such other
multilaterals as the African Development Bank and European Investment Bank).
e All bilaterals combined (including grants as well as loans).
e Private creditors (only the net transfers they provide to the governments are
included).
Table 7 shows the results, using the same regression specification as in table 5 and
employing the fixed effects estimator, but running separate regressions for each class of

Table 7. Results for Fixed Effect Net Transfers Regression by Creditor Class

Variable IDA IBRD IMF All multilateral Bilateral plus grant Memo: Private
PVTDSGDP 0.027 (12.83) -0.003 (-2.38) -0.008 (-3.12) 0.025 (5.99) 0.085 (9.30) -0.013 (-2.57)
GDPCAP 0.000 (0.10) -0.001 (-1.29) -0.001 (-0.98) -0.003 (-1.66) -0.020 (-4.71) 0.001 (0.57)
INPOP 0.010 (3.85) -0.013 (-7.81) -0.013 (-4.22) -0.033 (-6.42) -0.048 (-4.26) -0.034 (-5.67)
CPIA 0.002 (2.54) 0.001 (1.30) 0.003 (2.46) 0.006 (3.59) -0.003 (-0.89) 0.000 (0.12)
BPL -0.001 (-0.62) -0.001 (-1.40) 0.001 (0.54) -0.001 (-0.18) 0.002 (0.35) -0.002 (-0.50)
BPLM -0.004 (-2.38) 0.000 (-0.51) 0.003 (1.51) 0.003 (1.08) 0.005 (0.72) 0.001 (0.15)
BPHM -0.001 (-0.50) 0.001 (0.74) 0.003 (1.64) 0.003  (0.99) 0.021 (3.07) 0.001 (0.29)
Constant -0.156 (-4.05) 0.191 (7.85) 0.200 (4.21) 0.491 (6.36) 0.812 (4.80) 0.531 (5.79
Number of observations 848 848 848 848 848 848
F-value 45.93 14.62 7.12 13.95 23.53 8.98
R-squared (adjusted)

Within 0.29 0.11 0.06 0.11 0.17 0.07
Between 0.00 0.09 0.00 0.21 0.34 0.07
Overall 0.07 0.02 0.00 0.05 0.27 0.01

Note: Numbers in parentheses are t-statistics. The net transfer variable is in US dollars and is scaled by US dollar GDP. PVTDSGDP is the present value measure of all future
scheduled debt service payments relative to GDP. GDPCAP is GDP per capita, measured in thousands of dollars. The coefficients for GDPCAP are multiplied by 1,000.
LNPOP is population size, in logarithms. CPIA is the policy measure from the World Bank. Policy is the alternative policy variable. See note to table 2 for debt classifications.

Source: Authors' computations based on World Bank, various years, Global Development Finance, for debt data; IMF, various years, International Financial Statistics , for
GDP per capita; and World Bank, various years, World Development Indicators , for population.

creditor.

For the net transfers from the IDA window and the bilaterals, the coefficients for
the debt stock (PVTDSGDP) variable are statistically significant and positive, suggesting
an element of defensive lending and bargaining by the country. (Again, the effects of
lagged net transfers, due to some unknown or unmeasured country characteristic leading
to both high debt stocks and high current transfers, is less likely because we used fixed
effects.)

For the IBRD and IMF, however, the coefficients for the debt stock variable are
statistically significant and negative, suggesting their greater concern with
creditworthiness, thus cutting back new lending to more indebted countries. This is
similar to the negative coefficient for the net transfers behavior of the private sector,
which can safely be assumed to be mostly concerned with getting repaid.

For all multilaterals combined, the sign for the debt stock variable is statistically
significant and positive, suggesting that IDA and the other multilaterals compensate for
the repayment-oriented behavior of the net transfers for the IMF and the IBRD.
Combined, these donors are mainly involved in defensive lending, or they relate their net
transfers to some other country characteristic not controlled for yet. The coefficients for
the control variables, GDPCAP and LNPOP, are generally the same as for the overall net
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transfers regressions, although not always statistically significant. The exception appears
to be IDA, where there is a large-country effect, rather than a small-country effect.

The coefficients on the policy variable CPIA are statistically insignificant for the
net transfers from the IBRD and bilaterals, as well as for the net transfers from the private
sector. Net transfers from IDA and the IMF, and all multilaterals combined, relate in a
positive way to the quality of policy, with the coefficients also statistically significant.
The positive relationship for IDA can be expected because the allocation of IDA
resources is explicitly linked to the quality of the policy framework. For the bilaterals, in
contrast, high indebtedness to multilaterals when combined with bad policy has perverse
effects. The bad policy effect for the high multilateral debt category for the bilaterals is
large, some 2.1 percentage points of GDP. For the IMF, there is also a positive effect on
net transfers from belonging to the bad policy, high multilateral debt countries, but it is
only 0.3 percentage points, significant only at the 10 percent level.

The IDA and the IBRD, as well as all multilaterals combined, have no significant
bad policy effect, and IDA actually provides fewer net transfers to bad policy countries
with high debt but a low share of multilateral debt. Since the bilaterals increase net
transfers to GDP for the bad policy and high multilateral debt countries by some 2.1
percentage points, close to the total 2.5 percentage points effect for all net transfers (as
reported in table 4), it seems that the higher net transfers going to bad policy countries is
almost entirely due to the bilateral donors.** Although we found the quantitative effects
of the IMF to be small, the IMF is very important—because in the Paris Club
reschedulings and donor meetings, an IMF program is almost always required.
Seemingly, the IMF provides the signal of accommodating bad policy more easily for
countries that have high debts to the multilaterals.

As a last robustness test, we ran separately for each class of indebtedness the base
regression, but without the policy-debt interaction dummy variables, to investigate the
behavior of each creditor or donor with respect to policy for each type of country (not
reported). The sample sizes vary (394 for the low debt group, 239 for the high debt, low
multilateral group, and 215 for the high debt, high multilateral group). We find net

1% \We also conducted OLS regression, with results essentially the same overall as the net transfers
regression. When using our alternative policy index, we find that policy is no longer significant for any
creditor or donor class. Bilaterals and IMF still transfer some 1.3 and 0.4 percentage points respectively
more to bad policy, high multilateral debt countries, while IDA transfers less to bad policy countries in all
three indebtedness classes, and IBRD transfers somewhat less to the bad policy, high multilateral debt
countries. When using the trend GDP to calculate the ratios and adding the deviation from trend GDP as
another regression variable, we find that the bilaterals transfer 1.9 percentage points more to the bad policy,
high multilateral debt countries while IDA transfers less to bad policy countries in the high debt, low
multilateral indebtedness class. We also find some evidence of smoothing of income shocks for net
transfers from IDA and IMF as the coefficients on the residual GDP are positive for these two classes.
Policy remains insignificant for all classes, however, except for net transfers from private creditors, where
it is positive. Finally, regression results for gross flows (instead of net transfers) as dependent variable
show that the coefficient for the debt stocks is the highest for the bilaterals and that the bilaterals provide
1.7 percentage points more in gross flows to the bad policy, high multilateral debt countries. IDA gross
flows are less to bad policy, low multilateral debt countries, but respond positively to policy, as do IMF
gross flows. All these results are not reported, but are available from the authors.

24



transfers from IDA to be significant positively related to policy for the low debt and the
high multilateral debt group (though only at the 10 percent level for the latter). For the
net transfers from the IMF, the policy variable is statistically significant and positive only
for the low multilateral debt group, while for the bilaterals the policy variable is actually
statistically significant negative for the low multilateral debt group. For all multilaterals
combined, the policy variable is positive and significant for the low debt and the low
multilateral debt groups, but not for the high multilateral debt group. This confirms again
that donors have more difficulty being selective about policy for the high multilateral
debt countries, actually acting perversely, but in low debt countries they have been able
to be selective.

V. CONCLUSIONS AND IMPLICATIONS

Net transfers remained positive over two decades in most Sub-Saharan countries,
falling only somewhat in the 1990s. But with low growth in recipient countries,
continuing net transfers meant a rising stock of debt relative to output. The bilateral
donors tried to minimize the resulting burden of debt service by shifting to grants and
offering repeated rounds of debt service relief.®> The multilateral institutions were more
restricted in ensuring repayments to themselves with new loans, since these loans would
only increase the debt burden. At the same time, the multilaterals could not accept
arrears. Bilateral donors in effect were ensuring that some of the poorest countries would
not, despite poor policies, be pushed into arrears to the multilaterals.

Countries “benefited” from this need to avoid arrears since they could bargain for
more net transfers as their debt stocks increased. The core reason was that arrears to the
multilaterals are a problem for all donors since they signal the end of “business as usual”
for the other donors as well—and would be seen as a failure of the development
assistance business in that country. Importantly, this need to maintain net transfers came
at the cost of losing selectivity for country policy, especially for countries with bad policy
highly indebted to multilaterals. For these countries, the development community actually
accommodated poor policies through higher net transfers.

This interpretation has important policy implications. It suggests that if debt levels
are reduced enough in countries with high multilateral debt, the behavior of the donor
community can then shift into a low debt regime for those countries—a regime that in the
past has allowed selectivity for multilaterals, at least for IDA. Debt service reduction
under HIPC (now enhanced under HIPC I1) can thus be interpreted as a way “out” for a
donor community otherwise locked into nonselectivity in the high multilateral debt
countries.*

15 As some countries’ GDP per capita fell (Céte d’Ivoire, Nigeria), some countries became
eligible for cheaper IDA loans from the World Bank and concessional loans from the African Development
Bank. That also helped minimize the burden of increasing debt service.

18 Debt relief under the HIPC Initiative is unlikely to directly free resources in high debt countries
for spending on the poor. It has not been high debt burdens that have constrained resources transfers. High
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Debt relief, by encouraging selectivity and changing donor behavior for the better,
can ensure more funds for countries currently indebted but with good policies. As others
have shown, providing additional resources to countries with good policies would help
enhance their growth and lead to more poverty reduction. Without additional donor
resources, selectivity would imply fewer funds for countries with bad policies."’
Ironically, the return to more selective transfers may avoid the full costs of the debt
reduction program. That would be the case if the HIPC Initiative is “paid for” out of
traditional donor financing, leading to lower future transfers to HIPC or other poor
countries. The fact that some of the “grant” figures today already include an official debt
reduction suggests that donors see grants and debt reduction to some extent as substitutes.

Though necessary, debt reduction is far from sufficient to ensure donor
selectivity. There is a need, particularly following what may become “nonselective” debt
relief, for greater emphasis on selectivity in future grant-making and lending. This will
require deep institutional changes on the part of the donors, in their bilateral programs
and in their influence on the multilaterals. Fortunately, our analysis of the past behavior
of creditors suggests that with debt reduction, this is at least possible. Donors can make
the necessary break with past practice—and thus increase their contribution to the
tremendous development challenges in Africa. Better donor behavior would also set the
stage for more effective development assistance in the long run, and making it politically
possible to convince the public in donor countries to maintain and even raise
development assistance budgets.

debt countries have been receiving more net transfers relative to other poor countries. Debt reduction alone
does not free up resources for countries if debt is not being effectively serviced to begin with. But it is
likely that in some countries transfers in the form of multiple donor projects, often tied to donor supplied
services, were not a good substitute for the direct increase in revenues (through a decrease in tax-financed
debt service) that debt relief provides. Birdsall and Williamson (2002) argue that in well-managed
countries, debt relief is more efficient as a form of aid than donor-financed projects.

1 The latter group could end up with reduced net transfers simply because the debt reduction will
make it easier for donors and creditors to reduce what our evidence suggests is now forced defensive
lending. Debt reduction can also more effectively create a virtuous circle by crowding in private flows to
good policy/low debt countries (Birdsall and Williamson 2002). See also Berlage et al. (2003).
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