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Abstract

In recent years, a growing literature has measured the impact of  education interventions in low- and 
middle-income countries on both access and learning outcomes. But interpretation of  those effect 
sizes as large or small tends to rely on benchmarks developed by a psychologist in the United States 
in the 1960s. In this paper, we demonstrate the distribution of  standardized effect sizes on learning 
and access from hundreds of  studies from low- and middle-income countries. We identify a median 
effect size of  0.10 standard deviations on learning and 0.06 standard deviations on access. Effect 
sizes are similar for randomized controlled trials and for quasi-experimental studies. They are much 
larger for small-scale studies than for large-scale studies. Understanding the distribution of  existing 
effects can help researchers and policymakers to situate new findings within the distribution of  
current knowledge.
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Introduction 

What are the best strategies to improve access to school and improve learning in school in 
low- and middle-income countries? Recent years have seen a rapid increase in rigorous 
evaluations of interventions intended to expand access and improve learning outcomes 
(World Bank, 2018). But researchers often interpret the size of these impacts based on 
benchmarks proposed by a U.S.-based psychologist more than fifty years ago (Cohen, 1969).  

In this paper, we present the distribution of effect sizes from hundreds of studies that 
evaluate the impact of educational interventions on students’ access to schooling and 225 
studies that evaluate the impact on students’ learning in school. This builds on Kraft (2020), 
which carries out a similar exercise for studies with learning outcomes in the high-income 
countries. We further provide the distribution of effect sizes across different study designs 
(randomized controlled trials versus quasi-experimental studies), the scale of the study, and 
the specific enrollment and learning outcome (e.g., school attendance versus school dropout, 
or math versus reading). This distribution of effects provides researchers with a simple way 
to situate impacts of new studies relative to what is known about how to expand access and 
increase learning. It also anchors expectations about the impact of future interventions. The 
current distribution of effect sizes does not rule out dramatically larger effect sizes of 
innovative education interventions in the future, but it does help researchers and policy 
makers to understand what a dramatically larger effect size would be. 

Specifically, we draw on a large database of 156 randomized controlled trials (RCTs) and 143 
quasi-experimental studies with learning or access outcomes, drawn from previous synthesis 
reviews of education in low- and middle-income countries. We then standardize effect sizes 
across studies. We find that across 130 RCTs that report learning outcomes, the median 
effect size is 0.10 standard deviations (SDs), and the 90th percentile is 0.38 SDs. In his work 
in high-income countries, Kraft (2020) draws on 747 randomized controlled trials of 
education interventions with test score outcomes and identifies a median impact of 0.10 SDs 
across education interventions. Smaller studies (with fewer than 500 students) report point 
estimates that are on average twice the size of larger studies (with more than 5,000 students): 
0.10 SDs versus 0.05 SDs. For access outcomes, the median effect size is 0.07 SDs across 74 
RCTs (and the effect is similar for 150 total studies). The 90th percentile is 0.30 SDs. The 
distribution of access effect sizes is similar whether the outcome is enrollment or attendance. 
Our sample of quasi-experimental studies show a similar pattern of results.  

This distribution of effects contrasts with the benchmarks proposed by Cohen (1969), that a 
small effect size is 0.2 SDs, a medium effect size is 0.5 SDs, and a large effect size is 0.8 SDs. 
Those effect sizes were developed based on a small sample of social psychology lab 
experiments in the United States in the 1960s, mostly with undergraduate students (Kraft, 
2020), so their relevance to education impact evaluations in basic education today in either 
the high-income countries or – much less – in low- and middle-income countries is 
questionable.  

 

https://www.zotero.org/google-docs/?LpnobV
https://www.zotero.org/google-docs/?UZefHk
https://www.zotero.org/google-docs/?VPqntH
https://www.zotero.org/google-docs/?aF6Mqk
https://www.zotero.org/google-docs/?Jc2pTW
https://www.zotero.org/google-docs/?cxC3F6
https://www.zotero.org/google-docs/?cxC3F6
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This study contributes to the growing body of synthesis work on the impact of education 
interventions in low- and middle-income countries (Evans & Popova, 2016; Kremer et al., 
2013; Snilstveit et al., 2016), as well as to work seeking to characterize how large the impact 
of education interventions are relative to benchmarks such as the amount of learning usually 
gained during a year of schooling (Evans & Yuan, 2019a) or the difference in learning levels 
between rich and poor countries (Angrist et al., 2020; Filmer et al., 2020). 

Data and analysis 

We use a database of education impact evaluation studies to collect effect sizes. An earlier 
database compiled by Evans and Popova (2016) gathered all studies included in 10 
systematic reviews of evidence on how to improve learning and access to education in low- 
and middle-income countries. That database was updated for Evans and Yuan (2019b) 
through a Google Scholar search in 2017-2018 as well as a review of working papers 
published on the websites of organizations that regularly carry out research in low- and 
middle-income countries (e.g., the World Bank, the International Initiative for Impact 
Evaluation, and the Jameel Abdul Latif Poverty Action Lab, among others). The updated 
database includes an initial sample of 518 studies. Using this database, we restrict our 
analytical sample to include effect sizes from studies that evaluate (1) direct education 
interventions (such as teacher professional development and providing learning materials), as 
well as two other classes of interventions that commonly report educational outcomes: (2) 
health interventions (such as providing deworming drugs and micronutrients) and (3) safety 
net interventions (such as cash transfers). We only include studies that use an experimental 
design (RCT) or a quasi-experimental design (specifically, difference-in-differences, 
regression discontinuity, instrumental variable, or propensity score matching) in the 
evaluation of effects. We excluded studies which reported effects only for boys or for girls. 
These restrictions yield a sample of 336 studies. 

Not all studies reported effect sizes. For studies that only reported point estimates, we 
convert them into standardized effect sizes or Cohen’s d, following Borenstein et al.(2009). 

𝑑𝑑 =
𝐷𝐷

𝑆𝑆𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑒𝑒𝑑𝑑
  

where D is the raw mean difference between a treatment group and a control group at 
follow-up, and 𝑆𝑆𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝 is the pooled standard deviation for the treatment and control groups 
combined. Studies without sufficient data for us to calculate the standard effect sizes were 
also excluded, bringing us to a final sample of 299 studies. 

Besides standardizing effect sizes, we extracted data for a range of characteristics including 
the country and region where the intervention took place, the evaluation method, the sample 
size, and a list of measured outcomes.1 Table 1 presents the summary statistics of our 

 

1 We follow the World Bank (2020) classification of region groups. 

https://www.zotero.org/google-docs/?kkKPaH
https://www.zotero.org/google-docs/?kkKPaH
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https://www.zotero.org/google-docs/?7LJBls
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analytical sample. Our final analytical sample consists of 299 studies with 1,266 effect sizes 
from 52 low- and middle-income countries. By evaluation method, our sample includes 827 
effect sizes from 156 RCT studies and 439 effect sizes from 143 quasi-experimental studies. 
We also categorized measured outcomes into two broad types: learning (which includes test 
scores of any subject, composite test scores, or passing a test) and access (which includes 
enrollment, attendance, dropout and years of schooling). Two thirds of effect sizes measure 
the impact on a learning outcome. Sub-Saharan Africa has the largest number of effect sizes 
(441), while Europe and Central Africa (7) and Middle East and North Africa (10) have the 
fewest. 

Results 

We present the results from 156 randomized controlled trials as our primary sample because 
of the potentially higher precision of those estimates. Across the RCTs that measure learning 
outcomes, we find a median impact of 0.10 SDs (Table 2 Panel A).2 The median impact is 
smaller for math assessments (0.07 SDs) than for reading assessments (0.13 SDs). Studies 
that report a composite test score (or that do not report the subject) fall in between. For 
small studies with under 500 participating students, median impacts are 0.10 SDs. For large 
studies, with more than 5,000 students, the median impact is half that, at 0.05 SDs. This 
confirms the widespread belief that implementing effective programs at a pilot scale is easier 
than doing so at a national scale. The distribution of impacts is comparable (if slightly 
smaller) for quasi-experimental studies (Appendix Table A1), including the effect of larger 
impacts for the smallest scale studies and smaller impacts for the largest scale studies. 

For RCTs that report impacts on access, the median impact is smaller: 0.07 SDs (Table 2 
Panel B). Studies commonly report one or more of three access outcomes: enrollment (0.06 
SDs), attendance (0.08 SDs), and dropout (0.05 SDs). The differences across outcomes are 
modest, but the slightly higher median for attendance may reflect greater ease in boosting 
student participation at the intensive margin than the extensive margin. The gap between 
small-scale and large-scale studies is even more striking with access outcomes: for studies 
with fewer than 500 participants, the median impact is 0.12 SDs, whereas for the largest 
studies (more than 5,000 students), the median impact is just 0.03 SDs. Quasi-experimental 
studies again show slightly smaller effects and a similar pattern vis-a-vis the scale of the 
program (Appendix Table A1). 

Standard deviations are not always comparable across studies. As Singh (2015a, 2015b) 
shows, standard deviations will vary both across populations and across classes of tests. 
Thus, comparing SDs across contexts and tests should be treated with caution. In this study, 
we divide tests by subject to increase comparability. We also examine the relationship 
between scale of intervention and effect size in the three countries in our sample with the 
most estimates from randomized controlled trials, in order to enhance comparability across 
populations: Kenya (172 estimates), India (147 estimates), and China (104 estimates). For 

 

2 The mean is 0.14, which is close to the mean impact across a collection of international development impact 
evaluations (including but not limited to education) of 0.12, as reported in Vivalt (forthcoming).  

https://www.zotero.org/google-docs/?HitIA6
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access estimates, we observe a negative relationship for all three countries; it is statistically 
significant in Kenya and China (Figure 1 Panel A). For learning estimates, we observe a 
negative, statistically significant relationship for Kenya and China, with no clear correlation 
for India (Figure 1 Panel B).  

Finally, we examine whether there are apparent differences in the distribution of effect sizes 
across regions (Appendix Table A2). We find, in the four regions with a reasonable sample 
of studies, both the most RCTs and largest median impacts on learning in Sub-Saharan 
Africa (0.13 SDs). Other regions have smaller medians: 0.08 SDs in South Asia, 0.09 SDs in 
Latin America and the Caribbean, and 0.08 SDs in East Asia and the Pacific. Europe and 
Central Asia and the Middle East and North Africa have too few studies to provide reliable 
estimates.  

Discussion 

In this short paper, we provide a distribution of studies that measure the impact of education 
interventions on learning and access in low- and middle-income countries. These data can 
help to situate future studies among the distribution of existing work. This is not a 
normative distribution. There is a large gap between student access and student learning in 
low-income countries versus high-income countries (Filmer et al., 2020), and one can 
reasonably argue that closing that gap will require either much larger effect sizes or a great 
many reforms that deliver effect sizes of the type that we observe. But merely calling for 
“transformative” education interventions will not by itself deliver student access and learning 
gains that are dramatically outside of the distribution we observe.  

Our finding that – among RCTs – effect sizes are double in the smallest studies relative to 
the larger studies for learning and quadruple for access also encourage caution when policy 
makers encounter pilot results with impressive effect sizes. It is possible to improve both 
access and learning at scale, but usually the improvements are smaller than those observed in 
pilots.3  

Our analysis yields recommendations for researchers. First, because SDs are not always 
comparable across studies, benchmarking effect sizes against real world metrics can enhance 
interpretation. For example, a recent study of a public-private partnership for primary 
education in Liberia yielded an effect size of 0.16 SDs after three years, which the authors 
emphasize is “equivalent to 4 words per minute additional reading fluency” (Romero & 
Sandefur, 2019). Having an older sister boosts Kenyan children’s language and motor 
development by 0.1 SDs, which the authors highlight as the same as the difference between 
“children of primary-educated and secondary-educated mothers” (Jakiela et al., 2020). 
Second, many tests used in development studies are designed by the research team instead of 

 

3 Alternatively, we cannot rule out that this effect could be driven by selective publication bias, that success in 
publishing the results of small-scale evaluations is more sensitive to effect size than publishing larger-scale 
evaluations. 

https://www.zotero.org/google-docs/?z8Dopx
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using standardized tests, and little is reported about what exactly is measured. Developing 
comparable measures across studies will require greater reporting precision by researchers. 

One limitation of this work is that we do not incorporate cost effectiveness. The 
interpretation of an effect size is mediated by the cost of the intervention. Unfortunately, 
few studies report cost effectiveness into their analysis. An analysis of 76 RCTs in low- and 
middle-income countries found that nearly half reported no details on costs, and most of the 
others had minimal information (McEwan, 2015). A more recent analysis of recent 
education research from Africa found that less than a third of studies comprehensively 
reported costs (Evans & Mendez Acosta, 2020). As more studies report cost data in 
comparable ways, it will be possible to supplement this analysis with costs. 

Because the distribution we demonstrate is so far removed from the benchmarks proposed 
by Cohen (1969), many readers may be tempted to despair that impacts of interventions 
tested thus far have been so small. First, comparing the literacy skills of adults with different 
years of schooling in five low- and middle-income countries (Bolivia, Colombia, Ghana, 
Kenya, and Vietnam), we infer that students gain between 0.15 and 0.21 SDs of literacy 
during the course of a school year (Evans & Yuan, 2019a). Thus, a large effect on learning 
according to our benchmark (larger than 0.16 SDs) is the equivalent to how much a student 
might learn in a full year of business-as-usual schooling. Second, average effects can mask 
large effects for subsets of students. An average effect of 0.16 SDs (again, a large effect size) 
may mean that an intervention had no impact for three-quarters of the students but an 
impact of 0.64 SDs for a subset of students, which would be considered a success by 
virtually any metric (Gelman, 2020). Many programs aim to improve outcomes for the 
students struggling the most, so such an outcome may represent a program success. Third, 
there are programs that do have exceptionally large program impacts. For example, a literacy 
program that provides intensive training and materials to teachers in Uganda to help them 
teacher literacy in children’s mother tongue increased reading scores by 0.64 SDs and writing 
scores by 0.45 SDs (Kerwin & Thornton, forthcoming). High-intensity learning camps 
boosted language scores by 0.70 SDs in one state in India (Banerjee et al., 2016). 
Scholarships to secondary school in Ghana boosted enrollment by 0.56 SDs (Duflo et al., 
2019). Providing take-home meals to students in Uganda, conditional on their attendance, 
boosted enrollment by 0.42 standard deviations (Alderman et al., 2012). These are all above 
the 90th percentile of the distribution of effect sizes. Interventions can and should still aim to 
achieve large changes in learning and access, but it is important to understand the full 
distribution. 

These results suggest that small changes to existing interventions are unlikely to produce 
radical changes in closing access gaps or boosting learning. The interventions in our sample 
include everything from traditional interventions (like providing school inputs and training 
teachers) to twenty-first century interventions (using education technology). Closing 
education gaps between high- and low-income countries will require both an array of 
interventions and creative thinking to relax constraints more effectively than in the past. 

  

https://www.zotero.org/google-docs/?I3XmG9
https://www.zotero.org/google-docs/?da6GQv
https://www.zotero.org/google-docs/?p1Ggrg
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Tables 

Table 1. Summary statistics 

 
All RCTs Quasi-Experimental 

studies 
Number of studies  299 156 143 
Number of effect sizes  1,266 827 439 
Number of learning effect sizes  842 582 260 
Number of access effect sizes  424 245 179 
Number of countries 52 38 41 
By region (number of studies)    

Sub-Saharan Africa  85 51 34 
South Asia 52 32 20 
Latin America and the Caribbean  104 37 67 
East Asia and Pacific  56 36 21 
Europe and Central Asia 3 0 3 
Middle East and North Africa 1 1 0 
By region (effect sizes)    

Sub-Saharan Africa  441 337 104 
South Asia 255 171 84 
Latin America and the Caribbean  344 156 188 
East Asia and Pacific  209 153 56 
Europe and Central Asia 7 0 7 
Middle East and North Africa 10 10 0 

Notes: Region groups follows World Bank (2020). Source: Authors’ construction based on effects gathered from 
Evans and Popova (2016) and Evans and Yuan (2019).  
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Table 2. Distribution of impacts across randomized controlled trials 

Panel A: Learning effect sizes  

 Overall Subject Sample Size 

 
 Math Reading Other Test 

Score <=500 501-1000 1001-3000 3001-5000 >5,000 

Mean  0.14 0.09 0.20 0.12 0.18 0.14 0.17 0.10 0.09 
Std  0.20 0.17 0.27 0.18 0.23 0.21 0.22 0.19 0.15 
P1 -0.28 -0.36 -0.22 -0.48 -0.14 -0.57 -0.22 -0.61 -0.12 
P10 -0.04 -0.05 -0.04 -0.06 -0.06 -0.06 -0.05 -0.08 -0.02 
P20 0.00 -0.02 0.01 -0.01 -0.02 0.00 0.01 -0.02 0.00 
P30 0.03 0.01 0.04 0.03 0.02 0.05 0.06 0.02 0.01 
P40 0.06 0.04 0.08 0.07 0.05 0.10 0.10 0.05 0.00 
P50 0.10 0.07 0.13 0.11 0.10 0.13 0.13 0.08 0.05 
P60 0.14 0.10 0.18 0.15 0.18 0.16 0.16 0.14 0.08 
P70 0.17 0.13 0.24 0.19 0.30 0.25 0.21 0.17 0.12 
P80 0.25 0.16 0.36 0.24 0.37 0.29 0.29 0.21 0.15 
P90 0.38 0.27 0.75 0.35 0.57 0.37 0.45 0.17 0.23 
P99 0.84 0.69 0.91 0.58 0.83 0.75 0.90 0.70 0.69 
# of effect sizes  582 158 239 139 69 85 209 62 157 
# of studies  130 61 61 50 21 27 49 20 37 

Notes: Test score includes composite test score and any test score that does not specify subject. Source: Authors’ construction based on effects gathered from Evans and Popova (2016) 
and Evans and Yuan (2019).  

 

 

 

 



10 

Panel B: Access effect sizes 

 Overall Outcome Sample Size 

 
 Enrollment Attendance Dropout 

(Absolute value) <=500 501-1000 1001-3000 3001-5000 >5,000 

Mean  0.10 0.11 0.14 0.05 0.16 0.11 0.06 0.11 0.03 
Std  0.14 0.17 0.22 0.09 0.19 0.08 0.11 0.11 0.04 
P1 -0.12 -0.10 -0.06 -0.11 -0.14 -0.10 -0.08 -0.05 -0.06 
P10 -0.03 -0.03 0.00 -0.07 -0.06 0.01 -0.06 0.03 0.00 
P20 0.00 0.00 0.01 -0.02 0.00 0.03 -0.02 0.04 0.00 
P30 0.03 0.03 0.03 0.02 0.05 0.05 0.00 0.05 0.01 
P40 0.05 0.05 0.06 0.03 0.08 0.08 0.02 0.07 0.02 
P50 0.07 0.06 0.08 0.05 0.12 0.12 0.05 0.08 0.03 
P60 0.09 0.08 0.11 0.06 0.14 0.14 0.08 0.09 0.03 
P70 0.12 0.11 0.14 0.08 0.22 0.16 0.09 0.11 0.05 
P80 0.16 0.18 0.18 0.10 0.35 0.18 0.11 0.16 0.06 
P90 0.27 0.37 0.36 0.14 0.46 0.21 0.16 0.35 0.08 
P99 0.62 0.80 1.25 0.30 0.80 0.29 0.64 0.39 0.14 
# of effect sizes  245 75 103 33 76 39 55 25 50 
# of studies  74 33 43 15 25 16 19 14 21 

Notes: The effect sizes of dropout are reported in absolute value, i.e. the effect of decreasing dropout. Source: Authors’ construction based on effects gathered from Evans and Popova 
(2016) and Evans and Yuan (2019).  
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Figure 1. The association between sample size and effect size for randomized controlled trials in 
China, India, and Kenya 

Panel A: Access estimates 

 

Panel B: Learning estimates 

 

Source: Authors’ construction based on effects gathered from Evans and Popova (2016) and Evans and Yuan (2019).  
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Appendix  

Table A1. Distribution of impacts across quasi-experimental studies 

Panel A: Learning effect sizes  

 Overall Subject Sample size 

  
Math Reading Other Test 

Score <=1000 1001-3000 3001-5000 5001-10,000 >10,000 

Mean  0.16 0.13 0.17 0.15 0.28 0.15 0.16 0.02 0.06 
Std  0.48 0.52 0.56 0.30 0.51 0.26 0.39 0.22 0.71 
P1 -0.78 -2.62 -0.78 -0.63 -0.78 -0.20 -0.33 -0.72 -3.59 
P10 -0.12 -0.14 -0.19 -0.01 -0.20 -0.08 -0.12 -0.22 -0.01 
P20 -0.02 -0.05 -0.08 0.01 -0.08 -0.01 -0.07 -0.02 0.02 
P30 0.01 0.00 0.00 0.03 0.06 0.01 -0.03 0.01 0.02 
P40 0.05 0.03 0.02 0.06 0.12 0.04 0.00 0.05 0.04 
P50 0.08 0.05 0.07 0.10 0.22 0.05 0.02 0.11 0.05 
P60 0.12 0.09 0.16 0.12 0.30 0.08 0.13 0.12 0.07 
P70 0.19 0.17 0.26 0.16 0.46 0.15 0.18 0.15 0.10 
P80 0.35 0.35 0.58 0.20 0.61 0.35 0.26 0.16 0.16 
P90 0.63 0.47 0.82 0.50 0.84 0.63 0.79 0.17 0.45 
P99 1.73 1.75 1.49 1.59 1.94 0.86 1.59 0.20 1.75 
# of effect sizes  260 73 107 49 76 64 41 22 57 
# of studies  95 49 49 27 26 23 16 11 31 

Notes: Other test score includes composite test score and any test score that does not specify subject. Source: Authors’ construction based on effects gathered from Evans and Popova 
(2016) and Evans and Yuan (2019).  
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Panel B: Access effect sizes  

 Overall Subject Sample size 

 

 Enrollment Attendance 
Dropout 
(Absolute 

value) 
<=1000 1001-3000 3001-5000 5001-10,000 >10,000 

 
         

Mean  0.13 0.17 0.12 0.11 0.27 0.13 0.10 0.04 0.06 
Std  0.40 0.52 0.15 0.31 0.81 0.27 0.15 0.06 0.21 
P1 -0.67 -0.12 -0.05 -0.24 -0.80 -0.11 -0.02 -0.05 -0.16 
P10 -0.02 -0.01 0.01 -0.02 -0.12 -0.03 -0.01 0.00 0.00 
P20 0.01 0.01 0.02 0.00 0.02 0.01 0.02 0.00 0.00 
P30 0.02 0.03 0.05 0.00 0.06 0.03 0.03 0.03 0.02 
P40 0.04 0.05 0.06 0.02 0.10 0.05 0.04 0.03 0.02 
P50 0.05 0.06 0.06 0.02 0.15 0.07 0.07 0.04 0.02 
P60 0.07 0.08 0.09 0.03 0.20 0.09 0.08 0.04 0.04 
P70 0.10 0.12 0.10 0.04 0.23 0.13 0.12 0.05 0.05 
P80 0.17 0.17 0.23 0.13 0.44 0.20 0.13 0.06 0.07 
P90 0.27 0.27 0.31 0.30 0.56 0.30 0.23 0.10 0.12 
P99 1.98 4.42 0.68 1.40 4.42 1.98 0.68 0.22 1.40 
# of effect sizes  179 88 27 22 33 57 19 23 47 
# of studies  76 45 21 18 17 20 12 16 29 

Notes: The effect sizes of dropout are reported in absolute value, i.e. the effect of decreasing dropout. Source: Authors’ construction based on effects gathered from Evans and Popova 
(2016) and Evans and Yuan (2019).  
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Table A2. Distribution of impacts by region 

Panel A: Learning effect sizes  

Region  Mean Std P1 P10 P25 P50 P75 P90 P99 
# of 

effect 
sizes 

# of 
studies 

  
           

Sub-Saharan Africa  RCT 0.17 0.23 -0.17 -0.06 0.01 0.13 0.27 0.48 0.90 236 45 
Quasi-experimental 0.36 0.47 -0.78 -0.07 0.07 0.34 0.63 0.84 1.94 73 23 

 
 

           

South Asia RCT 0.14 0.21 -0.48 -0.01 0.01 0.08 0.21 0.45 0.70 134 29 
Quasi-experimental 0.12 0.33 -0.72 -0.15 -0.05 0.06 0.23 0.61 1.13 38 12 

 
 

           

Latin America and the 
Caribbean  

RCT 0.12 0.26 -0.36 -0.03 0.03 0.09 0.15 0.29 0.77 112 25 
Quasi-experimental 0.07 0.22 -0.42 -0.09 0.00 0.05 0.13 0.25 0.47 105 44 

 
 

           

East Asia and Pacific  RCT 0.11 0.14 -0.11 -0.04 0.01 0.08 0.17 0.26 0.75 99 31 
Quasi-experimental 0.13 0.92 -3.59 -0.15 0.01 0.06 0.35 1.41 1.75 39 14 

 
 

           

Europe and Central 
Asia 

RCT - - - - - - - - - 0 0 
Quasi-experimental -0.09 0.14 -0.20 -0.20 -0.20 -0.16 0.02 0.10 0.10 5 2 

 
 

           

Middle East and 
North Africa 

RCT - - - - - - - - - 1 1 
Quasi-experimental - - - - - - - - - 0 0 

Notes: Region groups follows World Bank (2020). Source: Authors’ construction based on effects gathered from Evans and Popova (2016) and Evans and Yuan (2019).  
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Panel B: Access effect sizes  

Region  
 

Mean Std P1 P10 P25 P50 P75 P90 P99 
# of 

effect 
sizes 

# of 
studies 

  
           

Sub-Saharan Africa  RCT 0.12 0.17 -0.08 -0.03 0.01 0.06 0.17 0.40 0.62 101 27 
Quasi-experimental 0.16 0.36 -0.05 0.01 0.03 0.06 0.14 0.30 1.98 31 16 

 
 

           

South Asia RCT 0.08 0.09 -0.06 0.00 0.02 0.05 0.12 0.16 0.46 37 12 
Quasi-experimental 0.06 0.10 -0.24 -0.03 0.01 0.04 0.09 0.21 0.45 46 14 

 
 

           

Latin America and the 
Caribbean  

RCT 0.14 0.30 -0.09 -0.05 0.03 0.08 0.11 0.21 1.46 44 20 
Quasi-experimental 0.10 0.25 -0.80 -0.01 0.02 0.06 0.13 0.27 1.40 83 36 

 
 

           

East Asia and Pacific  RCT 0.07 0.11 -0.14 -0.07 0.00 0.07 0.14 0.21 0.37 54 14 
Quasi-experimental 0.41 1.05 -0.01 0.01 0.04 0.13 0.22 0.68 4.42 17 9 

 
 

           

Europe and Central 
Asia 

RCT - - - - - - - - - 0 0 
Quasi-experimental -0.04 0.09 -0.11 -0.11 -0.11 -0.04 0.02 0.02 0.02 2 1 

 
 

           

Middle East and 
North Africa 

RCT 0.13 0.11 0.01 0.01 0.05 0.11 0.16 0.30 0.30 9 1 
Quasi-experimental - - - - - - - - - 0 0 

Notes: Region groups follows World Bank (2020). Source: Authors’ construction based on effects gathered from Evans and Popova (2016) and Evans and Yuan (2019).  
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